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The task Is to provide suggestions based on
both user profiles and contexts
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Step 1. Gather candidate suggestions based on
geographical information in the contexts and
categories that occur in examples suggestions

Attr FourSquare Yelp

Name J J

Address J J

Phone num J J

J J

J J

User_rating X J
User_raﬁng(checl{inx_kount ) N
User reviews \\ J J

X ?

s, pours: |

What we used



Information about “Color Me Mine Tribeca”

FourSquare

Arts & Entertainment — Art

Yelp
Category Event Planning — Party;
Shopping — Arts & Cra
Event Planning — Venu
Web_site http://tei emine.¢

Business_hour

Mon-Sat 11 am - 9 pm,
Sun 11 am - 8 pm

"'1 How Does It Work?

LNCOLOR ME MINE is the leader in the Paint it-Yourself ceramic ¢ industry.

R3eOur New York City location has over 400 pieces to choose from, once you made yau
\ We have an exclusive design center with &0 colors, brushes, stencils, stamps and a

LA our paints are non-toxic, lead free, and are food-safe. They are dishwasher safe
flat rate, you can stay AS LONG AS YOU LIKE...

Our Studio Hours:

11am-8pm Sunday
11am-9pm Maonday
11am-9pm Tuesday
11am-9pm Wednesday
11am-9pm  Thursday
11am-9pm  Friday
11am-9pm  Saturday



http://tribeca.colormemine.com/
http://tribeca.colormemine.com/
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Step 2: Rank suggestions Based on
User Profiles Q

Example Suggestions ( )
like like dislike like dislike dislike like dislike

C20 C21 C22

Candidate Suggestions



Step 2: Rank suggestions Based on
User Profiles

Example Suggestions |
like like dislike like dislike dislike like dislike

Positive Negative
Similarity N Similarity
o 0 00 0 O CZO C22 o 0 060 00O

Candidate Suggestions



Step 2: Rank suggestions Based on
User Profiles Q

Example Suggestions ()
like like dislike like dislike dislike like dislike

(o] [ o) ) e .

Given a user profile, rank
candidate suggestions based

- mlmllarlty scores with

0 bothepeAttve and

Candidate Suggestigns negative examples in the
profile

Similarity Function
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Similarity Functions (1):
Description-based
e SIMp(e,C) = F2EXP(DES(e), WEB(C))

Example 49

Playdium is the ultimate interactive, virtual and physical Family
Ente2E R 18 @en@Ridheaticom seValifuoatiom frargdidthah 20O Hn
200 of today’s nevsgsi attractions, rides;NimuIators.g@p}oﬂjeature
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N Color Me Mine Tribeca
d_ How Does It Work?

NCOLOR ME MINE is the leader in the Paint 'it-Yourself ceramic s industry.

RIEOur)lew York City location has over 400 pieces to choose from, once you made your selection you can paint it
[l

All our paints are non-toxic, lead free, and are food-safe. They are dishwasher safe as well. Pieces range from 516 to
$100; and there's also a studio fee of $12 for adults and $8 for kids, that's a flat rate, you can stay AS LONG AS

YOU LIKE...
Painted: 3
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Similarity Functions (2):
Category-based

[Intersection(cj,cj)|

Zcieﬁ(e) chec(c) max{|c;l,|c;}

¢ SIMc(e, C) —

IC(e)|X][C(C)]
Example 49
. Planping = f N
C (s )15 Hp St BT catedries Orss smilibng 2812
o Intersectidrde)ciry denotes the Ptsnberiof 0/2
common ¢ eéféﬁ’i@étﬂé% 3 Pl D72
Event Planning — Party Sithilarity : 0/2
Shopping — Arts & Crafts

Event Planning — Venues ”
Color Me Mine Tribeca
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Similarity Functions (3):
Combined

° SIMcombine(e: C) —
a X SIMe(e,C) + (1 —a) X SIMp(e, C)
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Step 3: Post-Process Candidates

 How to filter out the suggestions that do not meet
the temporal requirement?

— Not every suggestion has listed business hours.

— To solve the data sparsity problem, we propose to
learn business hours for each category through
majority voting, and apply the learned business
hours for all the suggestions under the same
category.



Performance of Our Runs

P@5 P@S P@5
SIM6 SIMD WGT GT

UDInfoCSTc Yes No 0.2481 0.35 0.4950
UDInfoCSTdc Yes Yes 0.2210 0.35 0.5442

» Use Category only has better performance on WGT

» Use Combination has better performance on GT

16
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P@5 WGT -- Tc-Tdc
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Restaurants (6)
Tours(3)
Food(3)
Landmarks (2)
Museum (2)

Restaurants (3)
Food (3)

Bars (2)

Spa (1)
Amusement Parks

(1)

Food (4)
Museum (3)
Shopping (2)
Landmarks (1)
Theater (1)

Dislike

Suggestions
Category

Restaurants (5)

Museum (2)
Shopping (2)
Bowling (1)
Planning (1)

Shopping (5)
Museum (4)
Restaurants (3)

Spa (2)
Food (1)

Food (1)
Amusement Parks (1)

Restaurants (6) None
Theater (3)

Food (3)

Tours (3)

Museum (1)

Shopping (1)

Relevant

Relevant
Suggestions
Combination

Bowling (1)

Amusement
Parks (1)

Theater (1)
Restaurants (1)
Museum (4)



Summary

* \WWe propose a ranking-based strategy for
the contextual suggestion task.

It would be great If the track organizers
could release a standard evaluation set
so that new methods can be more

reliably evaluated.



Thank You!

Questions?
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